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ellipse = cv.fitEllipse(i)
Img_ellipse = cv.ellipse(img, ellipse, (0, 0, 255), 2)
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MNISTT=9A-2X

« The MNIST database (Modified
National Institute of Standards and
Technology database) (&, [0]J~19]
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TensorFlow(d. Google' FAFLERI CEZ2EBMFERDI1ISUTHS,
Kerasld. PythonDREZE (T4-T5-27) D31TIUTH3,
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import tensorflow as tf # 7> /L 7 0—MDEA
Import numpy as np
import matplotlib.pyplot as plt

import time # E774E] Z 8T /=0D/Vy T—DEA

mnist = tf.keras.datasets.mnist # ~—% 47w ~FDIEFE
(x_train, y_train), (x_test, y_test) = mnist.load_data() # 7— % D754 AH

X_train = tf.keras.utils.normalize(x_train, axis=1) # /## 7— % D iF 7715
x_test = tf.keras.utils.normalize(x_test, axis=1) # 7<% 7 —X DIFi71E

plt.imshow(x_train[0]) # T — X D
plt.show() # 7—Z D77
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#FEFEETIDEZE
model = tf.keras.models.Sequential() # =7 /L% 4 ZDIEFE

model.add(tf.keras.layers.Flatten()) # 1 4z/Z7—% 7= v MET 5/
model.add(tf.keras.layers.Dense(128, activation=tf.nn.relu)) # Z7/Zj/Z DL
model.add(tf.keras.layers.Dense(128, activation=tf.nn.relu)) # Z7/Zj/Z D E 1
model.add(tf.keras.layers.Dense(10, activation=tf.nn.softmax)) # /4 77/ZdD £
model.compile(optimizer='adam’,

loss="'sparse categorical crossentropy’,
metrics=['accuracy']) # 7% 7' [74 X D1ERL
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start_time = time.time() # /#2714 /21D 5047

# ETILDIN#E

history =

model.fit(x_train,y train,epochs=10,batch_size=1000,verbose=1,validati
on_data=(x_test,y test))

score = model.evaluate(x_test,y test,verbose=0) # =7 /LD 7 X |l

orint(TEST loss:', score[0]) # 7 X ~/ZET B 5542 D#EE
orint(TEST accuracy:', score[l]) # 7 X ~/ZE7T Zi5/Z

orint(f Computation time: {time.time()-start_time} seconds.") # /7% //z]
DET
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plt.figure(1, figsize=(10,4))
plt.subplots adjust(wspace=0.5)

t.subplot(1, 2, 1)

t.plot(history.history['loss’], label="training’, color="black’)
t.plot(history.history['val loss'], label="test’, color="blue")
t.ylim(0, 1.5)

t.legend()

t.grid()

t.xlabel('epoch’)

t.ylabel('loss’)
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# IEBEEDEETT

t.subplot(1, 2, 2)

plot(history.history['accuracy'], label="training’, color='black")
plot(history.history['val accuracy'], label="test’, color='blue’)

im(0.5, 1.0)

tlegendo
t.grid()

abel('epoch’)
abel('accuracy’)

Now()
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predictions = model.predict([x_test]) # F/## [ /=F 7Lz LV /=F4
print(np.argmax(predictions[0])) # 7 4/#=%E

plt.imshow(x_test[0])
plt.show()
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& Shanzid01/YOLO-demo  Public 0 No
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YO LO T 1 <> Code (O Issues {1 Pullrequests () Actions [ Projects © Security [+ Insights
- 1{RY

P master - ¥ 1Branch © 0 Tags Q. Go tofile

' Shanzid01 Create README.md a035bac - 5yearsago L) 2 Commits
. . [ README.md Create README.md 5 years ago

A YOLO object detection demo on browser.
Y favico Initial commit 5 years ago
USES Tensorflosz and m|5|5 [ script_from-video js Initial commit 5 years ago
Proof of concept. All processing occurs locally. D scrpt real-timejs el commi years a0
e Can detect objects in real-time with webcam 0 stlescss it commt 7 years ago
3 yolohtml Initial commit 5 years ago

e Can detect objects in frames extracted from a selected video file

Githubho 7 714 1L

» YOLO Object detection

With ml5js and tensorflow

DXy »A—F

https://github.com/Shanzid01/YOLO-demo
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Google colabIRIEZFA\YOLODESE

from google.colab import drive

drive.mount('/content/drive")

IRIEHE R %cd ./drive/MyDrive
lgit clone https://github.com/Megvii-BaseDetection/YOLOX

%cd YOLOX

WHESI1TI) lpip install -U pip && pip install -r requirements.txt
D1V ik—Fk lpip install -v -e .

Ipip install cython

Ipip install 'git+https://github.com/cocodataset/cocoapi.git#subdirectory=PythonAPI’
https://qiita.com/hkwsdgea_ttt2/items/970f34e1aa59059f7¢c69
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lwget https://github.com/Megvii-BaseDetection/YOLOX/releases/download/6.1.1rc@®/yolox x.pth

iy
%ﬁ:m‘.\n

Ipython tools/demo.py image -n yolox-x -c yolox x.pth --path assets/dog.jpg

--conf ©.25 --nms 0.45 --tsize 640 --save _result --device gpu

https://qiita.com/hkwsdgea_ttt2/items/970f34e1aa59059f7¢c69
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: Anaconda®1 VAR

: cuDNN&CUDADAY A=
: pytorchiIRIEDECE

C EIMTIUDIVAR=)
scipy==1.4.1
numpy==1.19.2
matplotlib==3.2.1
opencv_python==4.2.0.34
tensorflow_gpu==2.4.0
tensorflow_cpu==2.2.0
tgdm==4.46.1
Pillow==8.2.0
h5py==2.10.0
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e https://github.com/bubbliiiing/yolov4-pytorch

B bubbliiiing / yolov4-pytorch  pubiic

<> Code () Issues 248 £1 Pull requests 5 ® Actions [ Projects [ Wiki @ Security [~ Insights

¥ master ~ ¥ 6 branches © 3 tags Go to file

;, bubbliiiing fix show_config bug () Clone ®
VOCdevkit/VOC2007 Delete voc2yolo4.py HTTPS  GitHub CLI
img Add files via upload https://github.com/bubbliiiing/yolova-pytc (0]
logs Add files via upload Use Git or checkout with SVN using the web URL.
model datz Add files via upload ) Open with GitHub Desktop

nets fix fp16 siou bug
QDownload ZD
utils fix fp16 siou bug

ptile ~o-n pndote lacc 4ot ey o d dodol ooy Conthe oo




coco dataset https://cocodataset.org/#home

info@cocodataset.org

Common Objects in Context People Dataset- Tasks- Evaluate-

What is COCO?

k hb H i A Dataset examples

COCO is a large-scale object detection,
segmentation, and captioning dataset.
COCO has several features:

Object segmentation
Recognition in context
Superpixel stuff segmentation
330K images (>200K labeled)
1.5 million object instances
80 object categories

91 stuff categories

S captions per image

250,000 people with keypoints
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voc_annotation.py7cd =179 3%
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e e REBEODFEHED 1 D%Z{EL\, model_pathlC{XA

ep194-loss1.524-val_loss2.052.pth
ep195-loss1.807-val_loss1.946.pth

Ep'lgﬁ'h:'i'_-'-'l.}rd-f:"'f | 551.919.Flt|'l " e | Jath " . | ,-;-:r c ,_.I-_ J_ |
ep197-loss1.657-val_loss2.003. 'classes path™ - "mod ,_]_ data/cl

..........
ep199-loss1.857-val_

ep200-loss1.829-val_los51.938.pth

yolo.py

=ZIC (predict.py) ZETLUEREEONAZADITNL, PFEHH
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