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MNISTT=9A-2X

« The MNIST database (Modified
National Institute of Standards and
Technology database) (&, [0]~[9]
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import tensorflow as tf # 7> /L 7 0—MDEA
Import numpy as np
import matplotlib.pyplot as plt

import time # E774E]Z R /=00D/ Ny Tr—DEA

mnist = tf.keras.datasets.mnist # +~—% 47w ~FDIEE
(x_train, y_train), (x_test, y_test) = mnist.load_data() # 7— % D75

X_train = tf.keras.utils.normalize(x_train, axis=1) # 7% 7 — % D IFF1E
X_test = tf.keras.utils.normalize(x_test, axis=1) # 7.X ~7—X DIFF1E

plt.imshow(x_train[0]) # NHET— % D
plt.show() # 7—Z D77
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#FEEETETIDIEE
model = tf.keras.models.Sequential() # =7 /L% 1 7 DI5F

model.add(tf.keras.layers.Flatten()) # 1 X z/Z7—2 75 v FMET 5
model.add(tf.keras.layers.Dense(128, activation=tf.nn.relu)) # 47/Z7/Z D1
model.add(tf.keras.layers.Dense(128, activation=tf.nn.relu)) # 47/Z7/Z D17

model.add(tf.keras.layers.Dense(10, activation=tf.nn.softmax)) # /4 77/ZdD £/

model.compile(optimizer="adam’,
loss='sparse categorical crossentropy’,
metrics=['accuracy']) # F/#% 704 X D1ERL
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start_time = time.time() # F/#%F775 52D 5047

# ETILDINHE

history =

model.fit(x_train,y train,epochs=10,batch size=1000,verbose=1,validati
on_data=(x_test,y test))

score = model.evaluate(x_test,y test,verbose=0) # =7 /LD 7 |

orint(‘TEST loss:', score[0]) # 7 X ~IZETT BI85 D#ZE
orint(TEST accuracy:', score[l]) # 7. X /27T Zi2/F
orint(fComputation time: {time.time()-start_time} seconds.") # /7 /F/Z]
DI
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plt.figure(1, figsize=(10,4))
plt.subplots adjust(wspace=0.5)

t.subplot(1, 2, 1)

t.plot(history.history['loss'], label="training’, color="black’)
t.plot(history.history['val loss'], label="test’, color="blue’)
t.ylim(0, 1.5)

t.legend()

t.grid()

t.xlabel('epoch’)

t.ylabel('loss’)
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# IEEEDFBART

t.subplot(1, 2, 2)

t.plot(history.history['accuracy'], label="training’, color='black’)
t.plot(history.history['val accuracy'], label="test', color="blue’)
t.ylim(0.5, 1.0)

t.legend()

t.grid()

t.xlabel(‘epoch’)

t.ylabel(‘accuracy’)

t.show()
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predictions = model.predict([x_test]) # /i [ /=F 7 /L Z L) /=F
print(np.argmax(predictions[0])) # 7 4/#Z%E

plt.imshow(x_test[0])
plt.show()
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: Anaconda®D1 Y AR=)b

: cuDNNECUDADTY AR
! pytorch¥RiEDECIE

P EIMTIUDI VA=)
scipy==1.4.1
numpy==1.19.2
matplotlib==3.2.1
opencv_python==4.2.0.34
tensorflow_gpu==2.4.0
tensorflow_cpu==2.2.0
tqdm==4.46.1
Pillow==8.2.0
h5py==2.10.0
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 https://github.com/bubbliiiing/yolov4-pytorch

BH bubbliiiing / yolov4-pytorch ' Public
<> Code () Issues 248 £1 Pull requests 5 ® Actions [ Projects [ Wiki @ Security [~ Insights
¥ master ~ ¥ 6 branches © 3 tags Go to file
;, bubbliiiing fix show_config bug k) Clone ®
, HTTPS  GitHub CLI
VOCdevkit/VOC2007 Delete voc2yolod.py
img Add files via upload https://github. com/bubbliiiing/yolovd-pyt« |‘_|;|
Iogs Add files via upload Use Git or checkout with SVN using the web URL.
model_data Add files via upload ¥ Open with GitHub Desktop
nets fix fp16 siou bug
@ Download ZIF‘>
utils fix fp16 siou bug
ptile o Aot lacc droin o d dotal oo Coodthe oon




COCO dataset https://cocodataset.org/#home

info@cocodataset.org

Common Objects in Context People Dataset- Tasks- Evaluate-

What is COCQO?
A\
F ha H i e Dataset examples

COCO is a large-scale object detection,
segmentation, and captioning dataset.
COCO has several features:

Object segmentation
Recognition in context
Superpixel stuff segmentation
330K images (200K labeled)
1.5 million object instances

80 object categories

91 stuff categories

S captions per image

250,000 people with keypoints
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ep194-loss1.524-val_loss2.052.pth

p'lu': -loss1.807-val_loss1.946.pth

0196-l0551.743-val_loss1.919.pth
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ep197-loss1.657-val_loss2.003.pth
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B E&[handwriting.jpg| FEEDFIETHET S,

B YA R T from PIL import Image

P T Img = Image.open(‘handwriting.jpg’).convert('L")

Img = np.array(img)

pred = model.predict(img[np.newaxis])
= A W CE S ER o ) | Print(np-argmax(pred)
-

plt.imshow(img)
[handwriting.jpg | &L CEI&RRTF plt.show()
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